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ABSTRACT 
This paper investigates the effect of culture and home country self-employment rates on 
immigrant self-employment in the United States, post-migration. This study analyzes the effects 
for both men and women, focusing on the gender gap in self-employment. The empirical results 
show that home country effects have a small impact on self-employment, but most of this 
relationship is unexplained. Because the explanatory power of home country effects is so low, 
it is unlikely that culture significantly influences self-employment. I find that, contrary to my 
hypotheses, women from countries with high female self-employment rates are likely to see a 
larger decrease in self-employment than their male counterparts or women from countries with 
lower self-employment rates. The gender gap in self-employment increases in the U.S. because 
self-employment declines more for women than men. However, I do find that men from 
countries with high male self-employment will also see a larger decline in self-employment 
than men from other countries. Thus, I reject the home country self-employment hypothesis 
with regards to women and men. I find some evidence that immigrant self-employment rates 
are more related to stage of economic development in the host country than culture in the home 
country.  
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1.   Introduction 
	  
Entrepreneurship has been identified as a resource to help marginalized groups 
(women, immigrants, visible minorities, young people, etc.) who face higher barriers to 
entry in the formal labor market (Carlsson 2013, Lerner and Pines 2010, Pines, Lerner, and 
Schwartz 2010, Mullholland, 1996). Notably, in almost every country in the world, men 
are significantly more likely to be entrepreneurs than women (Global Entrepreneurship 
Monitor, 2017). If these empirical findings are correct, and entrepreneurship is an 
important economic tool, then the gender gap in entrepreneurship is problematic. Further, 
the 2008 global economic crisis has only increased the need for female entrepreneurship 
today, as the crisis disproportionately affected women (Pines, Lerner, and Schwartz 2010). 
Although there has been a comparable increase in female entrepreneurship research, there 
is still a dearth of research on this topic. 
Another important facet of entrepreneurship is the role it has played for immigrants 
in the United States. Immigrants have historically turned to self-employment as a way to 
avoid marketplace discrimination (Glazer and Moynihan 1970), as is highlighted by the 
success of Korean and Japanese small businesses (Light 1972). However, there are 
significant gaps in entrepreneurship between racial/ethnic groups in the United States, 
which often stem from inequality in the experience of immigrant groups (Global 
Entrepreneurship Monitor 2017, Fairlie and Meyer 1996, Yuengurt 1995, Borjas 1986). 
According to 1990 Census of Population data, 4.4 percent of African-American men and 
2.0 percent of African-American women were self-employed, while this was true for 27.9 
percent of Korean-American men and 18.9 percent of Korean-American women (Fairlie 
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and Meyer 1996). This statistic highlights the drastic differences amongst racial/ethnic 
groups as well as the staunch gender gap that exists across groups.  
Democratizing entrepreneurship, especially in the form of increased access to 
funding, markets, or human capital, is important in order to alleviate the market place 
inequalities faced by women and immigrant groups. This can bolster the well-being of 
individual groups as well as economies at large. Entrepreneurship has been defined as one 
of the primary drivers of economic development and growth and, within the U.S., women 
and immigrants make up an increasing amount of this driving force each year (Carlsson et 
al. 2013). Furthermore, in 2016, over 40 percent of entrepreneurs globally, predicted that 
they would create jobs for six or more people in the next five years (Global Entrepreneur 
Monitor, 2017). This paper focuses on the gender gap in immigrant entrepreneurship by 
looking at two main veins of research: the home country self-employment hypothesis and 
research on the relationship between culture and labor market outcomes. 
The home country self-employment hypothesis postulates that the home country 
self-employment rates of immigrants have a positive effect on the probability of being self-
employed. Therefore, if an immigrant comes from a country with a high rate of self-
employment, he or she should be more likely to be self-employed than immigrants from 
countries with lower self-employment rates. This relationship exists because, if owning a 
business is more common in a country, then this will increase the entrepreneurial skills of 
the country’s residents (Fairlie and Meyer 1996). Three main works have addressed this 
hypothesis: Yuengert (1995), Fairlie and Meyer (1996), and Akee, Jaeger and Tatsiramos 
(2008). Fairlie and Meyer (1996) argue that the influence of home country self-
employment rates is not significant, while Yuengert (1995) and Akee et. al. (2008) find 
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this influence to have a positive and significant impact on the probability of an immigrant 
being an entrepreneur. All these studies, however, exclude women from their analysis.  
While omitting women allows for larger sample sizes, because men are self-
employed at higher rates than women, this decision also oversimplifies the story of 
immigrant self-employment. The self-employment gender gap is unique because, while 
most gender gaps experience increasing parity as a country develops (i.e., gender gaps in 
economic opportunity, educational attainment, and political empowerment), this is not true 
of self-employment (United Nations Development Programme 2016). The gender gap in 
self-employment is much narrower in lower-income countries than in middle-income or 
high-income countries, with the widest gap found in middle-income countries (Naudé 
2010). Part of this phenomenon is explained because women in lower-income countries 
often face higher barriers to entry in the formal labor market as well as higher rates of 
poverty. Thus, they resort to self-employment out of necessity at higher rates than men 
(refer to Figure 1 to see how female self-employment rates differ across lower and 
middle/higher-income countries). Research also shows, however, that women in low-
income countries tend to be more self-confident about their abilities to become 
entrepreneurs and less afraid of failure compared to women in higher-income countries 
(Naudé 2010). Because of this, it is important to see how the gender gaps by home country 
group change when women from poorer countries immigrate to the U.S., compared to 
women from middle or high-income countries.  
Causal empiricism suggests that women in lower-income countries with high self-
employment rates come from cultures that normalize female self-employment. Seeing a 
greater number of female entrepreneurs is likely to increase a woman’s confidence in her 
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ability to run a business and reduce her fear of failure (Minniti 2009). Figure 2 shows the 
strong linear relationship between perceived capabilities and female entrepreneurial 
activity. If these cultural preferences for self-employment in the home country are 
preserved after women immigrate to the U.S., it may cause them to engage in self-
employment at higher rates, and to have narrower gender gaps than women from middle 
or higher-income countries. It is also possible that these cultural preferences do not transfer 
and are replaced with host country preferences instead. 
In this paper, I empirically evaluate the notion that self-employment is influenced 
by culture. In order to do so, I employ an approach that builds on Reimers (1985), Blau 
(1992), Antecol (2000), Fernández and Fogli (2009), Blau, Kahn, and Papps (2011), Blau, 
Kahn, Liu, Papps (2013), and Blau (2015). Reimers (1985) argues that cultural factors may 
indirectly affect the labor force participation rate of married women by influencing other 
factors like education and fertility choices. Furthermore, she contends that culture may 
directly affect labor force participation if variation persists, despite controlling for 
observable factors. I apply this approach to self-employment by controlling for observable 
factors, such as educational attainment, number of children, and marital status, to isolate 
the direct effect of culture.   
My paper investigates the relationship between home country self-employment 
rates, culture, and self-employment rates in the United States, post-migration.  I make at 
least three important contributions. First, I contribute to research on the home country self-
employment hypothesis by testing the validity of this hypothesis regarding female 
immigrants, which has been excluded in past works. Second, I use more recent data (2000 
to 2016), which allows me to account for any recent changes in the relationship between 
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home country self-employment and self-employment in the United States. Third, I add to 
the body of literature on culture by applying the methodology of past works to the topic of 
self-employment (used interchangeably with entrepreneurship throughout).  
My results find that there is a weak relationship between an immigrant’s country of 
origin, home country self-employment rates, and self-employment rates after immigration. 
I do not find that personal characteristics explain self-employment rates in the U.S. either, 
and much of the relationship is left unexplained. Due to the direction of my coefficients 
and the overall small explanatory power of home country effects, it is not likely that culture 
has a significant impact of immigrant self-employment in the U.S. Instead, I find that 
women from countries with high female self-employment rates are likely to experience a 
larger decrease in self-employment than their male counterparts, and that the gender gaps 
in self-employment increase for these women after they immigrate. Furthermore, I find that 
men from countries with high male self-employment rates also see a greater decline in self-
employment than men from countries with lower self-employment rates. Therefore, my 
results reject the home country self-employment hypothesis with respect to both women 
and men. I find evidence that self-employment rates, unlike other labor market outcomes, 
may be more related to economic development in the United States than cultural factors in 
home countries. 
The remainder of the paper is organized as follows. Section 2 reviews the existing 
literature. Section 3 describes the data used in my analysis as well as its limitations. Section 
4 provides an overview of my empirical method and an interpretation of the findings. 
Section 5 concludes. 
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Literature Review 
	  
Entrepreneurship research has long focused on immigrants given that in many 
developed countries, including the United States, foreign-born individuals are more likely 
to own a business relative to their native-born counterparts (Borjas 1986; Yuengert 1995). 
Fairlie and Lofstrom (2014) find that the rate of business ownership among U.S. 
immigrants is 11.0 percent compared to 9.6 percent for native-born individuals. 
Furthermore, between 1980 and 2010, the percent of self-employed immigrants increased 
from 6.9 to 18.4 percent of the total self-employed population, making immigrants 
increasingly relevant to this field and the U.S. economy (Fairlie and Lofstrom, 2014). Due 
to this phenomenon, there is a breadth of literature analyzing the role of immigrant 
entrepreneurship. This includes examining immigrant contributions to the overall economy 
(Wadwha, et al. 2007; Saxenian 1999, 2000), differences between immigrants and natives 
(Yuengert 1995; Borjas 1986), and variation across ethnic/racial groups (Fairlie and Meyer 
1996; Kerr and Kerr 2016). This paper focuses primarily on the last group: hypotheses and 
literature regarding entrepreneurial variation across ethnic/racial groups.  
Many studies find that self-employment rates differ substantially by racial/ethnic 
groups (Fairlie and Meyer 1996; Kerr and Kerr 2016). One very consistent finding, for 
example, is the variation between overall self-employment rates of Asian and Latino 
immigrants. Consistently, Asian immigrants have, on average, significantly higher rates of 
business ownership than Latino immigrants in the United States (Fairlie and Meyer 1996, 
Fairlie 2006, Fairlie et. al. 2010). There are a number of both sociological and economic 
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theories that attempt to account for this type of variation across ethnic groups, many of 
which are heavily debated.  
One such theory is the disadvantage theory, which argues that because immigrants 
face greater adversity in the workplace, due to discrimination, poor English language skills, 
poverty, and other disadvantages, they are more likely to opt for self-employment (Portes 
& Zhou 1996, Bates 1997). This theory contends that because disadvantages differ across 
ethnic/racial groups, there will be variation in self-employment levels (Fairlie and Meyer 
1994, Yuengert 1995). Another area of research inspects the claim that self-employment 
acts as a resource to ethnic/racial groups. This approach encapsulates the enclave economy 
hypothesis. This hypothesis asserts that if immigrants have access to communities of co-
ethnics, also known as enclaves, they are more likely to be successful entrepreneurs 
because business expertise is passed on more readily, they have an advantage in hiring, and 
they are able to serve a market with special preferences (e.g., a Jewish business selling 
kosher wines) (Wilson and Portes 1980, Davis 2004, Kerr and Kerr 2016). In addition to 
these hypotheses, many economic studies have focused on personal traits as contributors 
to the likeliness of being self-employed. Such traits include risk-aversion (Kihlstrom and 
Laffont 1979) or access to wealth and liquidity (Evans and Jovanovic 1989). Another 
approach, and the one that this paper focuses on, is the home country self-employment 
hypothesis. This hypothesis postulates that self-employment rates among immigrant 
groups in the United States are positively related to their home country rates (Fairlie and 
Meyer 1996). Thus, if this hypothesis holds, one would expect immigrants from countries 
with high levels of self-employment are more likely to be self-employed after immigration 
compared to other immigrant groups.  
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2a.	  The	  Home	  Country	  Self-­‐‑Employment	  Hypothesis	  
In his seminal paper, Andrew Yuengert (1995) investigates the home country self-
employment hypothesis. Specifically, he uses 1980 Census of Population data to examine 
the high rates of immigrant self-employment relative to those of native workers. He tests 
three hypotheses and finds evidence for two. First, he tests the home country self-
employment hypothesis. In his regression, he compares the rate of home country self-
employment in 1969 to the U.S. national rate, using a sample of both native and immigrant 
individuals. He finds that the ratio between these two rates is positive and statistically 
significant, suggesting that home country self-employment does affect the probability of 
self-employment post-migration. Next, Yuengert (1995) tests the tax avoidance hypothesis 
(Blau 1987, Long 1982). This hypothesis suggests that immigrants choose self-
employment because it provides opportunities for tax deductions and avoidance. He finds 
the results significant, suggesting that tax avoidance is an incentive to become self-
employed. Yuengert (1995) does not find evidence for the final hypothesis, the enclave 
economy hypothesis (Borjas 1986). He concludes that, in conjunction, the first two 
hypotheses explain 62 percent of the difference in immigrant and native self-employment 
rates.  
Fairlie and Meyer (1996) build on Yuengert (1995) by reinvestigating the home 
country self-employment theory excluding natives from the sample, and come to a 
contrasting conclusion. Using 1990 U.S. Census of Population data and International Labor 
Office data, they determine the self-employment rates among immigrant groups and 
compare them to their home country rates using a series of regressions where the 
ethnicity/race dummy variable is the dependent variable. For all specifications, they do not 
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find a strong correlation. This suggests that home country self-employment has an 
insignificant effect on immigrant self-employment in the United States. Fairlie and Meyer 
(1996) find that the probability of an individual becoming an entrepreneur is more 
correlated with two other factors: an ethnic/racial group’s average self-employment 
earnings relative to average wage/salary earnings, and an ethnic/racial groups relative 
advantage (determined by overall earnings) to other groups. More advantaged ethnic/racial 
groups have the highest rates of self-employment which contradicts the disadvantage 
theory.  
Akee, Jaeger and Tatsiramos (2008) expand this line of work by utilizing 
individual-level data from the recent New Immigrant Survey (NIS). This allows them to 
measure home country self-employment directly instead of relying on country averages as 
a proxy measure, giving them detailed data on an individual’s employment status in their 
home county and once they arrive in the U.S.  They use 2003 NIS data to construct a sample 
of 1,220 adult men who are not enrolled in school, who had employment experience in 
their home country, and who are currently employed in the U.S. Akee et. al. find that self-
employment in the home country increases the probability of being self-employed in the 
U.S. by about 7.4 percent, even after controlling for demographics and entry conditions. 
Despite this, they do not find that home country self-employment has an effect on wages 
for employed or self-employed men once in the U.S. They also find that the longer an 
immigrant is in the U.S. and the older he is, the more likely he is to be self-employed. 
2b.	  The	  Effect	  of	  Culture	  
The home country self-employment hypothesis does look at the effect of culture on 
self-employment rates although it does not explicitly identify it as such. This is true because 
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home country self-employment rates are shaped by cultural factors such as preferences for 
risk-taking, innovation, and labor force participation of women. Thus, by investigating the 
impact of home country rates, one is investigating the indirect effect of culture. I take this 
a step further and apply the methodology of past literature on cultural effects to the question 
of self-employment in order to quantify the effect of culture. Reimers (1985) looks at the 
influence of indirect cultural effects (effects that act through other factors like family size 
and age structure) and direct cultural effects on labor force participation of first generation 
immigrants (foreign-born) and second-and-higher generation immigrants (U.S.-born). She 
concludes that the lower labor force participation rates of foreign-born white and U.S.-born 
and foreign-born Hispanic wives compared to U.S.-born whites, are entirely due to 
differences in measured characteristics, not direct cultural differences. In contrast, 
however, she finds that direct cultural characteristics account for the entire gap between 
U.S.-born Asian and black wives, and U.S.-born whites. Her findings show that individuals 
who have very similar personal and family circumstances can still have different labor 
force participation rates because of intangible cultural factors. She also demonstrates that 
these effects may be even more visible in second-and-higher generation immigrants. 
Blau (1992) extends the literature on cultural effects by exploring fertility rates 
among first generation immigrant women in the United States. She compares the fertility 
rates of home country groups in the United States to a number of home country variables 
like total fertility rate, infant mortality rate, and average per capita GNP. Blau (1992) 
observes a positive and statistically significant effect of total fertility rate on the predicted 
fertility rates when controlling for home country variables. Blau (1992) contends that this 
demonstrates a “pure taste effect” or, in other words, an effect from cultural factors. She 
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also finds, however, that fertility rates among immigrant women conform to those of 
women in the United States in a relatively short period of time. 
More recently, Antecol (2000) revisits the topic of cultural effects on labor force 
participation rates for first- and second-and-higher generation immigrants. She looks at a 
number of home country immigrant groups within the United States and compares their 
labor force participation to that of their home countries. She states that this model controls 
for institutional differences because U.S. residents, for the most part, operate under the 
same labor market regime and that, by comparing specific countries not general regions, it 
controls for country-specific human capital factors. Antecol (2000) posits that one can 
determine the effect of home country variables (like home country male and female 
participation rates) and if these variables have a large impact, there must be a “permanent, 
portable factor” that is not captured by observed human capital measures or labor market 
institutions, that affects outcomes. She offers “culture” or cultural “tastes” as the 
unobservable characteristic. She finds that, for first generation immigrants, over half of the 
overall variation in the gender gap across home country groups can be attributed to home 
country labor force participation rates. This suggests that cultural factors have a significant 
influence. For second-and-higher generation immigrants, role of home country labor force 
participation rates and culture appear to be smaller.  
Férnandez and Fogli (2009) focus on second-generation immigrants and again 
find that home country labor force participation and fertility rates have a significant 
effect. They also find that the effect increases the greater the propensity of the ethnic 
group to cluster in neighborhoods. Lastly, they also predict that culture has a larger 
impact than was found in their study because the effect of culture is not restricted to the 
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variables they studied. Férnandez and Fogli (2009) offer the idea that culture also plays a 
role in entrepreneurial activity. 
Later, Blau, Kahn, and Papps (2013) find that both women from home countries 
with high and low female labor force participation rates had lower rates than natives, but 
that women from countries with high rates closed the gap quickly and those from 
countries with low rates followed. They also find that home country female participation 
rates had no effect on men’s labor supply. This suggests that the findings for women 
reflect gender roles in the source country.   
In sum, I draw from both literature on home country self-employment and literature 
on culture in my study. Although all three major studies on the home country self-
employment hypothesis (Yuengert 1995, Fairlie and Meyer 1996, Akee et. al 2008) omit 
women from their samples, I think it is especially pertinent to include women. Evidence 
shows that rates of female entrepreneurship are relatively higher in developing than 
developed nations (Minniti 2009). Thus, if one wants to foster female entrepreneurship, it 
is critical to understand how self-employment fluctuates as women immigrate to the U.S. 
and what factors are responsible for this change. Next, I apply the approaches of Reimers 
(1985), Blau (1992), and Antecol (2000) to my research on self-employment. By 
controlling for observable, human capital characteristics, I can examine what portion of the 
variation in the gender gap is not explained by personal characteristics. Like Antecol 
(2000), I offer the explanation that the unexplained portion is due to cultural factors or 
preferences. Next, I look at whether this variation is caused by home country self-
employment, i.e., home country variables. If home country self-employment rates do 
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explain the variation, it is even more likely that cultural factors or preferences play a 
significant role. 
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2.   Data  
	  
         The analysis for this paper draws from two sources of data. For data on immigrant 
entrepreneurs within the United States, I use the Annual Social and Economic Supplement 
(ASEC) from the Current Population Survey (CPS) for the years 2000 to 2016. This differs 
from past works (Fairlie and Meyer 1996; Yuengert 1995) which use United States Census 
of Population data. I argue that the CPS data is well-suited for this analysis because it is 
collected annually, making it possible to utilize more recent data than is available in the 
Census. Furthermore, the CPS data contains many of the same detailed variables as the 
Census on nativity (birthplace and year of immigration), demographics (age, marital status, 
education) and it contains worker variables (number of hours worked per week, occupation, 
income) that are not collected in other series of CPS data. 
 From this data, I create dummy variables for sex, self-employment, 
metropolitan status, and immigrant status. Next, I produce indicator variables for 
education, marital status, region, number of children, and class of worker. I also include 
categorical variables for age, education, and year of immigration in 10-year intervals. Then, 
I create a set of indicator variables for an immigrant’s place of birth, or home country. 
Unlike other studies on immigrant self-employment (see for example, Yuengert 1995), I 
do not group home countries into broader geographic areas. I argue that my approach is 
advantageous, as it allows me to isolate the effects of culture from a single country and 
capture inter-country variation. For example, Table 2 reveals that in Argentina, the gender 
gap in self-employment is 9.8 percent while neighboring Brazil has a gap of only 3.1 
percent. Combining these countries would drastically undermine their cultural differences 
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despite their shared border. Lastly, I create interaction terms for all the control variables 
listed above by multiplying each by the male indicator variable. My self-employment 
indicator variable is used as the dependent variable in my regression analysis. Self-
employment has a value of one if an individual self-identified as primarily self-employed, 
either incorporated or not incorporated, in the annual Current Population Survey, and zero 
otherwise. This definition of self-employment is used throughout my analysis. To see more 
detailed definitions of the variables mentioned above, refer to Table 1.  
There are, however, some limitations to the use of CPS data. First, the CPS data, 
and the CPS in general, does not contain a language variable. Past literature has found that 
the ability to speak English has a significant impact on the choice to become self-employed 
(Lofstrom and Wang 2009; Fairlie and Woodruff 2007, 2010). English skills have been 
found to both push people toward (see for example, Portes & Zhou 1996, Bates 1997) and 
away from entrepreneurship (see Fairlie and Woodruff 2007, 2010). Although the effect 
remains ambiguous, it would be advantageous to include a proxy for English-language 
skills. The most significant limitation, however, is with respect to sample size.  I am only 
able to include 34 countries in my study because low numbers of female entrepreneurs by 
country is very limiting. Past works have avoided this limitation by excluding women from 
their analysis (Yuengert 1995, Fairlie and Meyer 1996, Akee et. al 2008). This paper, 
however, focuses on the dearth of women in hopes of understanding differences in male 
and female self-employment rates and the role culture plays in explaining this difference.  
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For this analysis, I include only individuals who are of working age (18-68 year-
olds)1, who are immigrants, and who are not in the agricultural sector2 (this type of self-
employment is found to have significantly different characteristics, see for example, Fairlie 
and Meyer 1994). Next, I restrict the countries included in my study by ensuring that each 
has a robust sample size of female immigrant entrepreneurs. The smallest cell size is 50 
individuals for Trinidad and Tobago while the largest cell size is 1,811 for Mexico.  The 
cell size of self-employed men from these countries is 4,329 from Mexico and 71 
individuals from Trinidad and Tobago. After this restriction, 36 countries remain. Of those, 
China and Puerto Rico are removed because data on their average self-employment levels 
is not available (for a list of countries included in my original analysis, see Table 2).  My 
analysis contains 213,477 observations. 
Table 1 shows that the gender gap in self-employment rates, which is the male mean 
self-employment rate minus the female mean of self-employment rate, varies by home 
country. Immigrants who were born in Italy have the largest gender gap in self-employment 
at 10.3 while immigrants who were born in Cambodia have the smallest at -3.2, where 
	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  
1 This definition of working age varies from the common definition of 15-64 (OECD Data) for a 
number of reasons. First, people under 18 are much less likely to work full-time as they are still 
legally obligated to attend school. Next, people who are born between 1943 and 1954 (current 
retirees) receive full social security benefits at the age of 66, making it important to include these 
people. Furthermore, immigrants are more likely to be entrepreneurs as they get older (Fairlie and 
Meyer, 1996). By extending the working age definition above 64, I am able to capture more of 
these individuals. After 68, however, people are much more likely to work part-time. Some 
studies use much narrower definitions of working age to reduce the number of part-time workers 
included, but I control for hours worked in my regression analysis and find it more important to 
augment sample sizes per country. 
2 This is done in two ways. One by eliminating people with an income from farming not equal to 
zero and the other by dropping individuals in farming occupations. Both methods produce similar 
results, however, dropping by occupation preserves more data points as there are people with 
small farm incomes that do not identify mainly with a farming/ranching occupation. The second 
method is used in my analysis.    
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female immigrants are, in fact, more likely to be self-employed relative to their male 
counterparts. Female immigrants from Hong Kong are also more likely to be self-employed 
relative to their male counterparts. Amongst all 34 countries included in the study, the 
average gap is 3.9 and the median is 3.4. These numbers are lower than the U.S. gap in 
self-employment, which was around 5 percent in 2015, according to Pew Research Center. 
This is consistent with findings that the self-employment gap is actually smaller in 
developing nations (which make up 70.6 percent of my sample).3 
For data on home country self-employment rate by gender, I use International Labor 
Organization Statistics (ILOSTAT) data for 1987, the average year that individuals in the 
CPS sample immigrated to the United States. For cases in which there is no information 
on male and female self-employment in 1987, I use the next closest year (see Table 2 for a 
list of the years used, by country). There are a few limitations in this dataset as well. First, 
many countries have not recorded data on self-employment dating as far back as 1987. The 
average year used is 1994, notably after the average year of immigration. Second, it is 
difficult to compare average rates of home country entrepreneurship to individual-level 
data for immigrants in the CPS data; an issue that is also present for Fairlie and Meyer 
(1996) and Yuengurt (1995). Akee, Jaeger and Tatsiramos (2008) are able to access 
individual-level data from the recent New Immigrant Survey (NIS) in order to account for 
this issue. The approach of Akee, et. Al (2008), however, would not be feasible for this 
study. The 2003 NIS only contains 8,573 observations which would make it impossible to 
ascertain useful information on female entrepreneurs by country. Furthermore, the NIS is 
	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  
3 Definitions of developed and developing based on consensus of indices. Some indices exclude 
or include countries based on their specific focus area. For example, the MSCI index classifies 
South Korea and Taiwan as developing countries. 
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not collected on an annual basis and the 2003 data is the first example of the full 
implementation of the NIS. Thus, my method for obtaining home country data is as 
effective as possible, given these limitations. 
The home country self-employment rates recorded in Table 3, show that there is an 
overall decline in the self-employment rate as people immigrate to the U.S. In the home 
countries, on average, 24.9 percent of people are self-employed (varying from 0.7 percent 
in Russia to 63.0 percent in India) while only 11.8 percent of immigrants from these 
countries are self-employed in the United States (varying from 6.9 percent of immigrants 
born in El Salvador to 23.0 percent for South Korea). This suggests that immigrating to the 
U.S. has the effect of reducing self-employment rates for these immigrant groups. 
However, the 11.8 percent of immigrants that are self-employed in the U.S. is still higher 
than the average self-employment rate of the U.S. overall, which was 8.7 in 1994, 
according to ILOSTAT data.  
Table 4 compares the gender gaps in home country self-employment (from 
ILOSTAT data) to the gaps in immigrant self-employment within the U.S. (from CPS 
data). This table shows that the gender gaps in self-employment vary greatly by home 
country. While the average gender gap across home countries is 6.6, Ecuador, El Salvador, 
Guatemala, Honduras, Nicaragua, Peru, Venezuela, and Ukraine all have a negative 
predicted gender gap in self-employment, meaning more women are self-employed than 
men in these countries. It is also important to note that a gap of 6.6 is higher than the gap 
of 3.9 seen for these home country groups within the United States. This could suggest that 
the gender gap in self-employment for these immigrant groups declines, overall, as people 
immigrate. However, while gender gaps may decrease on the whole, there is also another 
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intervening effect. All of the aforementioned countries with negative gender gaps have 
positive gaps after immigration. In Peru, for example, the gender gap in self-employment 
shifts from one of the most negative (-11.4) to above average in the U.S (5.0). A dramatic 
increase in the gender gap is also seen in Guatemala, El Salvador, and Venezuela.  
Conversely, some countries experience a drastic decline in self-employment rates. 
In Cambodia, for example, the home country gender gap drops from 25.1 to -3.2 in the 
United States. Other countries that follow this trend include India, South Korea, Taiwan, 
Thailand, Vietnam, and the Dominican Republic. With the exception of the Dominican 
Republic, it seems as if Latin American countries more closely follow the first trend while 
South/East Asian countries follow the second. Additionally, the majority of these countries 
are classified as developing nations. More developed nations, such as Canada, Germany, 
and France, seem to experience less volatility in gender gaps. I hypothesize that regional 
and developmental cultural preferences could play a role in explaining this relationship. I 
more formally analyze this hypothesis in the remainder of this paper. To see a visual 
representation of male and female home country self-employment rates compared to self-
employment in the U.S., as well as home country gender gaps against gaps in the U.S., 
refer to figures 3-5. 
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3.   Empirical Method and Results 
	  
	  
In order to determine whether cultural factors play a role in explaining who 
becomes an entrepreneur, I estimate a linear probability regression model4 using pooled 
cross sectional data as follows:                                                       
                    J -1                       J -1 
           Sit= a + bMit + å 𝑐"1Hijt + å 𝑐"2Hijt Mit + dt + eit 
                   j = 1                     j = 1 
 
 
where i, j, and t represent immigrant, home country, and time, respectively, S is an indicator 
variable equal to 1 if the immigrant is self-employed and 0 otherwise, M is an indicator 
equal to one if the immigrant is male and 0 if the immigrant is female, H is a vector of 
home country indicator variables, and ε is an error term with the usual properties. Because 
the CPS data contains observations across 16 years, I also include year fixed effects (d) to 
account for the variation caused by changes over time. The coefficients on the home 
country indicator variables interacted with the male indicator variable (𝑐"#) are referred to 
as the “unadjusted” gender gap in self-employment rates although they are adjusted by 
year. 5 Then, I re-estimate equation (1) first adding controls (in both levels and interactions) 
for exogenous personal characteristics (X). These include characteristics that affect self-
employment but do not seem to be correlated to a home country’s culture (i.e., four age 
	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  
4 Similar results are achieved using a probit model, therefore, for ease of interpretation I 
present a linear probability model. 
5  Due to the addition of year fixed effects, this regression is not entirely unadjusted and 
the unadjusted gender gaps do not match those recorded in Table 1, but I refer to this 
regression as “unadjusted” throughout.   
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indicator variables, seven year of arrival indicator variables, eight regional indicator 
variables, and an indicator variable for metropolitan status.) I then re-estimate equation (1) 
adding controls (in both levels and interactions) for both exogenous (X) and endogenous 
(Z) personal characteristics. The latter includes variables that affect self-employment status 
and may themselves depend on culture. These include five education indicator variables, 
two marital status indicator variables, and eight number of children variables. These two 
additional variations allow me to get estimates of the X-adjusted and X, Z-adjusted gender 
gaps in self-employment. I refer to this set of regressions as the full-dummy controls 
specification. Then, I calculate the weighted standard deviation (WSD) for the unadjusted, 
X-adjusted, and X, Z-adjusted gender gaps in self-employment. The WSDs are a summary 
statistic that displays the total variation in the self-employment gender gaps. They allow 
me to determine the explanatory power of my model, the role of personal characteristics 
(my control variables), and how much of this effect is attributable to culture. 
 After, I estimate my second specification, the home country self-employment 
controls specification, by dropping the home country indicator variables in equation (1) 
(both in levels and interactions), and replacing them with home country self-employment 
rates for men and women (both in levels and interactions). The first specification, (the full-
dummy controls specification) investigates the effect of home country on immigrant self-
employment rates in the U.S. and the second evaluates the effect of home country self-
employment rates on the same dependent variable. I control for personal characteristics 
using the same method across both specifications.  
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4a.	  Full-­‐‑Dummy	  Controls	  Specification	  
After obtaining the coefficients for the full-dummy controls specification, I find 
that the F-statistic is significant at the 99.99% level, which suggests that there is a 
relationship between the explanatory variables (home country dummy and interaction 
terms) and the dependent variable (self-employment in the U.S.). However, I find a small 
R-squared value, suggesting that the explanatory power of my model is limited. When 
evaluating the coefficients, it is important to note that each country dummy and country 
interaction variable is interpreted in relation to the dropped variable, Cambodia.6  
The unadjusted results (found in Table 7) show that the dummy variables and 
interaction terms are statistically different than those of Cambodia for most of the 34 
countries included. Seventy-four percent of the home country dummy variables are 
significant at the 0.1 level or below. Those that are not significant are: Cuba, the Dominican 
Republic, Ecuador, Germany, India, Hong Kong, Peru, Thailand, and Venezuela. 
However, the interaction variables for these countries are significant, with the exception of 
Hong Kong and Thailand. This suggests that differences in gender by home country group 
play a larger role in determining self-employment than simply what country an individual 
is from. The coefficients from this regression align with the gender gaps calculated using 
the CPS data. Hong Kong and Thailand have the next two lowest gender gaps at -2.6 
percent and 0.4 percent, respectively, and are thus the most likely countries to have similar 
values to Cambodia. The countries with the largest coefficients on the interaction terms 
(i.e., the largest difference between male and female entrepreneurship rates) are Italy, 
	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  
6 Cambodia was chosen because it has the smallest gender gap, according to the ASEC data, 
making it easier to interpret in relation to other countries. The coefficient for Cambodia was 
obtained by running follow-up regressions that are interpreted in relation to Hong Kong.  
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Argentina, Cuba, Venezuela, and Ukraine, in order of greatest to least disparity. This again 
mirrors the original gender gaps found in column one of Table 4.  
From the X-adjusted coefficients (shown in column two of Table 7), I make a 
number of observations. First, the self-employment rate of all age groups is statistically 
different from the 18-28 year-old group, and self-employment levels steadily increase as 
people get older. This is consistent with the findings of Akee et. Al. (2008). A similar trend 
holds true for year of immigration, reflecting the finding of Akee et. al. (2008) that 
immigrants are also more likely to be self-employed the longer they have lived in the 
United States. The variables for region reveal that immigrants living in the Pacific region 
are more likely to be entrepreneurs than those living in six of the eight other regions in the 
United States. Individuals living in the West South Central and South Atlantic regions do 
not have self-employment rates that are statistically different from those of the Pacific 
region. These results suggest that immigrants are more likely to be self-employed in 
regions with large concentrations of immigrants. The Pacific, West South Central, and 
South Atlantic regions all contain states that are amongst the top seven states with the 
highest share of immigrants according to Pew Research Center in 2014 (i.e., California and 
Hawaii in the Pacific region, Texas in the West South Central region, and Florida in the 
South Atlantic). This could potentially support the enclave hypothesis; however, my results 
alone are not enough to draw this conclusion.  
The X, Z-adjusted results (column three of Table 7) reveal that immigrants with 
children are more likely to be self-employed, increasing steadily with number of children.7 
	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  
7 Having 9+ children in the house is not statistically different than having none. This may not 
follow the trend of increasing self-employment because there are only 35 observations within this 
category. 
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When looking at the education variable, a strong increasing trend is not apparent. People 
with a high school degree and above are more likely to be self-employed than individuals 
without a high school diploma, but self-employment does not increase with additional years 
of schooling beyond receiving a high school diploma.  
After evaluating the general trends among home country variables and personal 
characteristics, I calculate predicted unadjusted, X-adjusted, and X, Z-adjusted gender gaps 
for first generation immigrants, using the coefficients from the initial regressions. The 
results of my calculations are recorded in columns 1 to 3 of Table 5. As with the 
coefficients, the predicted gaps mirror what was observed in the raw gender gaps calculated 
using CPS data.  
First, these results reinforce that gender gaps in self-employment vary by home 
country, not just by region. This is highlighted in the substantial differences in the gender 
gaps found among neighboring countries. For example, in South America, the gender gaps 
in Argentina and Brazil vary from 9.20 to 3.49, respectively. In Western Europe, we see 
variation between France, with a self-employment gender gap of 6.92, and Germany, with 
a gap of 2.78. In Asia, the same phenomenon can be illustrated with Korea and Japan, 
which have gaps of 6.55 and 1.13, respectively. This variation provides evidence for the 
need to evaluate gender gaps on a country-by-country, not a region-by-region basis. This 
methodology allows me to isolate the cultural preferences exhibited within an individual 
country in order to more precisely investigate the effect of preferences.  
Additionally, the results show that the variation remains across home countries for 
all three specifications. The unadjusted gap varies from -3.15 for Cambodia to 9.94 in 
Pakistan—a gap of 12.35. The X-adjusted gaps vary from -3.98 for Hong Kong to 9.92 for 
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Pakistan and, for X, Z-adjusted, from -4.01 to 10.57 for Cambodia and Pakistan, 
respectively. The gaps demonstrate that these values do not vary greatly from specification 
to specification. When looking at Pakistan, for example, the X-adjusted gap is only two 
hundredths of a percent lower than the unadjusted gap, meaning that only .02 percent of 
the gap changes when controlling for exogenous characteristics. For Pakistan, the X, Z-
adjusted gap is 10.57, which shows that controlling for endogenous and exogenous 
characteristics actually increases the predicted gender gap in self-employment. If personal 
characteristics explain a large part of the gender gap, I would expect to see the gaps shifting 
more dramatically across specifications. From this, I conclude that differences in the 
gender gaps in self-employment across first generation immigrant groups are not 
attributable to differences in personal characteristics across groups. 
To support this conclusion further, I calculate the weighted standard deviations 
(WSD) for the unadjusted, the X-adjusted, and the X, Z-adjusted gender gaps in self-
employment. If the WSD from the X and X, Z-adjusted regressions are significantly 
smaller than that of the unadjusted WSD, then personal characteristics explain the 
variation. The WSDs for the full-dummy controls specification (recorded in column one of 
Table 6) demonstrate that this is not the case. The WSDs are 2.67, 2.57, and 2.66 for the 
unadjusted, X-adjusted, and X, Z-adjusted WSDs, respectively. From this, I conclude that 
the WSDs hardly differ from that of the unadjusted WSD. X only explains 0.1 percentage 
points and Z reduces the portion explained to 0.01 percentage points or 0.004 percent. Thus, 
personal characteristics do not explain 99.6 percent of the variation in the gender gap in 
self-employment rates across home country groups. However, the magnitude of the WSDs, 
at around 2.5, is relatively small. This shows that the home country dummy variables do 
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not explain a significant portion of the variation in self-employment rates in the United 
States. 
I conclude from the WSDs that home country effects largely do not matter for first 
generation immigrants and that personal characteristics do not explain the self-employment 
gender gaps across home country groups. This suggests that culture is also likely to have 
very little explanatory power. This is because cultural factors, like preferences for female 
labor force participation, propensity for business-ownership, and risk-taking, are captured 
in the home country self-employment rate. Thus, one would expect that if home country 
self-employment rates explain the variation in gender gaps, that country of origin, i.e. my 
home country dummy variables, would also have high explanatory power, which they do 
not.  
However, I test the effect of home country self-employment rates to confirm this 
hypothesis. To test this, I re-estimate equation (1) dropping the home country indicator 
variables (both in levels and interactions), and replacing them with home country self-
employment rates for men and women (both in levels and interactions). I refer to this 
specification as the home country self-employment controls specification. After obtaining 
the results for the re-estimated equation, I again calculate the predicted unadjusted, X-
adjusted, and X, Z-adjusted gender gaps in self-employment, as well as the WSDs. The 
closer in magnitude the WSDs are from both specifications, the more home country effects 
are explained by culture or ‘‘preferences”. 
4b.	  Home	  Country	  Self-­‐‑Employment	  Controls	  Specification	  
Next, I analyze the results from my home country self-employment controls 
specification (found in Table 8). Similar to what I found with the full-dummy controls, the 
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X and X, Z-adjusted results show that immigrants are more likely to be self-employed as 
they age, however the relationship between self-employment and year of immigration is 
no longer significant. Across variations, the p-values of the male self-employment variable, 
female self-employment variable, and both self-employment interactions terms, are all 
below 0.01. This suggests that there is a statistically significant relationship between home 
country self-employment and self-employment in the U.S., however, my R-squared values 
are small once again. Thus, while a relationship exists between my explanatory and 
dependent variables, this relationship has very low explanatory power and most of the 
variation in gender gaps is left unexplained.  
From my results, I determine that women who come from countries with high self-
employment rates are likely to have wider gender gaps in self-employment, on average, in 
the United States. This is observed because the coefficient on the home country female 
self-employment interaction term is negative compared to the positive coefficient on the 
male self-employment interaction term (the t-statistics for the male and female interaction 
terms are -2.84 and 3.83, respectively). This relationship is apparent in my observations 
for Honduras.  The female self-employment rate is 39.4 percent in Honduras, but the X, Z-
adjusted predicted gender gap for Honduras, under this specification, is 4.19. This is large 
in comparison to the other predicted gaps in the home country specification and in 
comparison to the gender gap within Honduras, which is -4.7, according to ILOSTAT data. 
Thus, I reject the home country self-employment hypothesis with regards to women.  
This finding may be explained by the level of development within the home 
country. Women in lower-income countries, like Honduras, have higher rates of self-
employment than women in higher-income countries. This suggests that women from 
Ingram 29 
	  
	  
	  
lower-income countries do not maintain their high self-employment rates after 
immigration. The opposite is found in higher income countries. In Canada, for example, 
the gender gap in self-employment is very similar within Canada and within the United 
States at 2.40 and 2.53, respectively. It is possible that female self-employment is relatively 
consistent across higher-income nations, potentially leading to a less dramatic shift in 
gender gaps post-migration.  
Furthermore, the coefficients on the unadjusted male and female self-employment 
variables are 0.0305 and -0.0914, respectively. This shows that the home country female 
self-employment rate increases the gender gap in self-employment in the United States by 
decreasing female self-employment by more than it decreases male self-employment in the 
U.S. (0.0703 + (-0.0914) = -0.0211). The female home country self-employment rate has 
the effect of decreasing male self-employment in the U.S., meaning that men who come 
from countries with high home country female self-employment rates will have lower male 
self-employment in the U.S. Conversely, high male home country self-employment has the 
effect of increasing female self-employment in the U.S. Thus, women that come from 
countries with high home country male self-employment will have higher female self-
employment in the United States. Overall, however, the decline in female self-employment 
dominates and leads to the increase in gender gaps within the U.S. 
I also find that the home country self-employment hypothesis does not hold for men 
either. The male self-employment coefficient plus the coefficient on the interacted male 
self-employment variable produces a negative sign (0.0305 + (-0.0518)) = -0.0213). 
Therefore, higher male self-employment has a negative effect on male self-employment in 
the U.S. In addition, all of these findings contradict the hypothesis that U.S. self-
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employment rates are affected by home country culture. If this were the case, then the home 
country self-employment rates would have more explanatory power. If culture does play a 
role, it is a very small one. 
The predicted unadjusted, X-adjusted, and X, Z-adjusted gender gaps for the home 
country specification (recorded in columns 3 to 6 of Table 6) show that there is much less 
variation in these gender gaps compared to those in the full-dummy controls specification. 
For the X, Z-adjusted predicted gaps, the lowest gap is 2.03 in Taiwan and largest is 4.51 
in Peru, with a span of 2.48 compared to 14.58 for the full-dummy controls specification. 
The average gender gaps in self-employment are also smaller, overall, in the home country 
specification with an average unadjusted gap of 2.38 compared to 3.88 with the full-dummy 
controls. 
To investigate the explanatory power of the home country self-employment 
specification, I again calculate the unadjusted, X-adjusted, and X, Z-adjusted WSDs. The 
WSDs for the home country self-employment specification are 1.14, 0.81, and 0.90. The 
magnitudes of these WSDs are even smaller than those for the full-dummy controls, which 
shows that my explanatory variables account for even less of the variation than before. 
Therefore, even if culture does contribute to the home country effect captured in my 
regression, it would only be explaining a portion of an overall small effect. I test for the 
effect of culture by comparing the WSDs from the two specifications (recorded side-by-
side in Table 6). The smaller the difference between the WSDs from both specifications, 
the more home country effects are explained by culture or ‘‘preferences”. I find that 
cultural preferences explain 30-40 percent of the home country effect across regressions 
because 1.14/2.67, 0.81/2.57, and .90/2.66 are a little under half. However, as addressed 
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before, the home country effect explains such a small portion the self-employment in the 
U.S., that I am not able to conclude whether or not culture plays an impactful role. Further, 
given the direction of my coefficients, it is likely the cultural calculation is capturing a 
different unobservable effect altogether, making it even more likely that culture does not 
play a significant role. 
In sum, my results reject the home country self-employment hypothesis for both 
men and women. I find that high home country female self-employment rates actually 
increase gender gaps in the U.S. by decreasing female self-employment rates by more than 
they decrease male self-employment rates. Curiously, I also find that higher male self-
employment has a negative effect on male self-employment in the U.S. Past studies have 
either found a positive effect or an insignificant effect of male self-employment. The WSDs 
show that home country self-employment rates have a small effect on self-employment in 
the U.S. If culture were a more important explanatory factor, we would expect the home 
country effect to be larger. I then use the WSDs to examine the role of personal 
characteristics and culture further. I find that personal characteristics, across both 
specifications, explain a very small portion of an already small home country effect. 
Therefore, it seems that the personal characteristics in my study do not have a significant 
role in determining self-employment. Because of the low explanatory power of my model 
and the direction of my coefficients, it does not seem that cultural factors are significant.  
 I hypothesize that gender gaps increase in the United States because lower-
income countries are more likely to have high female self-employment rates than higher-
income countries. Women in lower-income countries are more likely to own a business 
because they are more likely to be pushed out of the formal labor market and more likely 
Ingram 32 
	  
	  
	  
to live in higher rates of poverty. As a result, there are more female entrepreneurs and 
then it becomes more common-place for women to be self-employed. As other women 
see more examples of successful self-employed women, it may raise their confidence in 
their ability to become successfully self-employed, thus creating a positive feedback 
loop. However, when these same women immigrate to the United States, and their home 
country economic conditions are no longer present, they may feel less inclined to be self-
employed and may opt for salary or wage-earning jobs instead. This decreases the 
number of examples of successfully self-employed women, thus decreasing the 
confidence of women to become self-employed. In short, self-employment may be 
spurred from market conditions more so than culture. 
 While the decrease in male self-employment is less than the decrease in female 
self-employment, it is also important to account for this phenomenon. I hypothesize that 
this effect is due to changes in levels of self-employment as a country becomes more 
developed. The Global Entrepreneur Monitor (GEM) identifies three types of 
entrepreneurial economies: factor-driven economies, efficiency-driven economies, and 
innovation-driven economies. Factor-driven economies are those in which self-
employment is a very common career path, jobs in the formal market are less common, 
and people turn to self-employment out of necessity at higher rates. Innovation-driven 
economies are at the other end of the spectrum. They have higher employment in the 
formal sector, entrepreneurship is a less visible career path, and people elect to be 
entrepreneurs because of perceived opportunity, not necessity. The last type, efficiency-
driven economies, is the average of the previous two. Countries generally transition from 
factor-driven economies to innovation-driven economies as they develop (GEM 2016).  
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 In order to test my hypothesis that home country development affects self-
employment in the U.S., I create indicator variables for low, mid, and high development 
based on the classifications of the Global Entrepreneur Monitor. I add these indicators, 
along with their interaction terms, to the X-adjusted and X, Z-adjusted regressions of my 
home country self-employment specification and analyze the results (found in Table 9).  
I find that the coefficients for low and mid (corresponding to factor-driven and 
efficiency-driven economies, respectively) are very significant. The absolute value of the 
t-statistics for low and mid are higher than that of another other explanatory variable at  
-17.02 and -16.17, respectively. Both have p-values of 0.000. The addition of 
development variables also increased the X-adjusted R-squared from 0.022 in the home 
country self-employment controls specification to 0.035. With the home country 
development specification, the X, Z-adjusted R-squared increased from .025 to .037. 
While the R-squared values are still relatively low, this does suggest that controlling for 
development increases explanatory power. Importantly, the size and sign of the 
coefficients suggest that individuals from factor-driven economies are likely to see the 
largest decrease in self-employment in the U.S., compared to individuals from 
innovation-driven economies. Individuals from efficiency-driven economies also see a 
decline in self-employment, but not as large as for the factor-driven economy group. 
Lastly, the low and mid interaction terms are not significant. This suggests that level of 
development affects both men and women similarly. From this analysis, it seems that 
immigrants from less developed countries will see a larger decline in self-employment in 
the U.S. regardless of gender. This can explain why both male and female self-
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employment rates decrease post-migration. My results suggest that immigrants from 
factor-driven economies are assimilating to the innovation-driven economy in the U.S. 
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5.   Conclusion 
 
Within the United States, women, immigrants, and racial/ethnic groups all face 
discrimination in the workplace (Carlsson et al. 2013) Portes & Zhou (1996), Bates (1997) 
and others have found that self-employment is a powerful tool for marginalized groups, as 
it can be used to circumnavigate workplace discrimination. Additionally, self-employment 
is a significant driver of economic growth in the United States. Women and immigrants 
are contributing to a larger amount of entrepreneurial output each year, which makes 
understanding their self-employment decisions even more critical (Carlsson et al. 2013). 
This paper focuses on one part of this complex relationship by examining the effect of 
home country self-employment rates and the role of culture. 
Three important works that investigate the role of home country self-employment 
rate are Yuengert (1995), Fairlie and Meyer (1996), and Akee, Jaeger and Tatsiramos 
(2008). Yuengert (1995) and Akee, Jaeger and Tatsiramos (2008) find that home country 
self-employment rates have a positive and significant effect on self-employment rates, 
while Fairlie and Meyer (1996) reach the opposite conclusion. While the study of home 
country self-employment rates does indirectly look at the effect of culture, as culture acts 
through self-employment rates, it does not formally analyze the role of culture. In order to 
do this, I turn to past literature on the effect of culture on labor market outcomes (Reimers 
1985, Blau 1992, Antecol 2000, Fernández and Fogli 2009, Blau, Kahn, and Papps 2011, 
Blau, Kahn, Liu, Papps 2013, and Blau 2015). These works find that culture plays a role in 
a number of quantifiable outcomes including fertility rates of immigrants in the U.S. and 
female labor force participation rates for both first and second generation immigrants. 
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These works argue that cultural “tastes” exert influence through home country rates and 
these rates, in turn, affect labor market outcomes of women in the United States.  
My paper builds on both topics of research described above. I contribute to the 
literature on home country self-employment rates by including women in my sample and 
focusing on the gender gap in self-employment-- all past works have omitted women. I 
also add by using more recent data. Lastly, I contribute to research on culture by applying 
past methodologies used to measure culture to the topic of entrepreneurship.  
First, I test the impact of home country on self-employment rates in the United 
States and calculate the predicted gender gaps for immigrants from each home country 
group. Although there is notable variation in the predicted gender gaps and I find a 
statistically significant relationship, I do not find that home country has a large effect on 
self-employment rates. The small R-squared values and the weighted standard deviations 
express that home country does not largely affect self-employment. In addition, I find that 
personal characteristics explain 0.004 percent of the effect that does exist. I propose that 
the unexplained portion of this effect may be caused by culture. 
I test the role of culture by observing the impact of home country self-employment 
rates, which reflect cultural preferences, on self-employment in the U.S. Again, despite a 
statistically significant result, I find low R-squared values and weighted standard 
deviations. Additionally, the variation between gender gaps in this specification is 
significantly lower than in the home country specification. Thus, I conclude that home 
country self-employment rates have a small, and arguably inconsequential, effect on self-
employment. Given this, and the direction of the coefficients in my results, I cannot 
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conclude that culture has an effect on self-employment in the U.S. As before, I do not find 
that personal characteristics determine self-employment rates.  
Furthermore, my results show that women with high self-employment rates are 
likely to face large declines in self-employment relative to their male counterparts, 
widening the gender gap and decreasing their self-employment overall. Thus, I reject the 
self-employment hypothesis with regards to women. In addition, I find that men with 
higher home country self-employment rates are also less likely to be self-employed post-
migration. While this effect is greater for women, I still reject the home country self-
employment hypothesis for the men within my sample. I hypothesize that self-employment 
rates decline in the U.S. for both male and female immigrants due to the level of 
development in their home countries. As individuals move from less developed nations 
(often with higher rates of self-employment) they see a fall in their self-employment rates 
as they assimilate to the entrepreneurial ecosystem within the United States. Indeed, when 
I test this hypothesis, I find evidence that individuals from less developed nations will have 
larger decreases in self-employment than individuals from more developed countries. The 
indicator variables for development level are significant and increase the explanatory 
power of my model, suggesting that home country development does impact self-
employment rates in the United States. I suggest that self-employment declines more for 
female than male immigrants because less developed, lower-income countries have the 
smallest gender gaps and the highest rates of female entrepreneurship (Minniti 2009). Thus, 
when immigrants assimilate to the culture of entrepreneurship in the U.S., women from 
less developed countries have farther to fall than their male counterparts or women in more 
developed nations.  
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My findings are important for a number of reasons. The near-negligible effect of 
personal characteristics is significant because personal characteristics are often thought to 
have a large impact on self-employment. Although I was not able to control for every 
personal characteristic that could have an effect on self-employment, my finding is very 
relevant to the discussion of immigrant self-employment. People have blamed low-levels 
of innovation on the lack of intelligence or ambition of an immigrant group when, in 
actuality, self-employment rates are the result of more complex socio-economic factors, 
for example, rates of development. 
In addition, my results show that home country self-employment rates do not affect 
men and women to the same degree. While I found that both male and female self-
employment rates decline post-migration, female rates fall by more, causing an increase in 
the home country group gender gaps. This demonstrates why it is not only important to 
include women in entrepreneurial research, but also to investigate outcomes for men and 
women separately. 
Lastly, it is important that I find culture to be an insignificant player in determining 
self-employment in the U.S. This shows that immigrant self-employment levels behave 
differently than other labor market factors like labor force participation or fertility. I argue 
that this may be because the decision to become self-employed is more complex. In terms 
of labor force participation, an individual can only elect to either be in or out of the labor 
force. However, in the self-employment decision, an individual must decide between 
leaving the labor force, opting for a salary/wage position, or being self-employed. It is 
possible that women are choosing to take salary/wage positions in the because there is more 
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equality of pay in the United States or because the salary or wage is higher than expected 
earnings from self-employment, where this was not the case in the home country. 
My paper brings up a number of questions which could be examined in future 
research. First, it would be informative to look more closely at the women who were self-
employed in their home country yet who do not opt to be self-employed in the U.S. Using 
individual-level data like that of Akee et. al., one could determine whether these women 
are more often leaving the labor force or choosing to become salary/wage workers. Future 
research could also delve deeper into level of development as an explanation for self-
employment rates in the U.S., as I was only able to draw a tentative relationship. 
Additionally, I suggest that women from lower-income countries face the largest decline 
in self-employment in the U.S.. Minniti (2009) finds that women have higher levels of 
confidence in their entrepreneurial abilities and a higher propensity for risk-taking in 
lower-income countries than they do in higher-income countries. She also finds that women 
face higher barriers to entry in the formal labor market and higher rates of poverty, which 
drive women in these countries to entrepreneurship. It would be valuable to determine what 
percent of the change in self-employment levels is due to a loss of confidence and risk-
taking, as opposed to changes in economic factors. It would also be important to replicate 
this study for other high-income countries, in order to see if the same result holds across 
the developed world or if the US provides a unique set of circumstances.   
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6.   Tables and Figures 
Overview	  of	  Female	  Entrepreneurship	  
Figure	  1	  
Age Distribution of Women Entrepreneurs by Country Groups and Business Stage 
	  
	  
	  
	  
	  
	  
	  
	  
(Global  Entrepreneurship  Monitor,  2016,  Figure  4)	  
Figure	  2	  
Relationship between perception of female capabilities and total entrepreneur activity (TEA) 
(Global  Entrepreneurship  Monitor,  2015,  Figure  29)	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Summary	  Statistics	  
Table 1 
Variable Definitions     
Variable Label Variable 
Name 
Variable Definition 
Self-Employed Selfemp =1 if an individual self-identifies as self-employed, not incorporated 
or self-employed, incorporated and 0 otherwise 
Sex Dummy male =1 if  male and 0 otherwise 
Marital Status     
Married  married =1 if married, spouse present or married, spouse absent and 0 
otherwise 
Separated/Divorced/Widowed sdw =1 if separated, widowed, divorced, 0 otherwise 
Single single =1 if marst==6 and 0 otherwise 
Metropolitan Status     
Lives in a Metro Area met =1 if metarea!=9998 & metarea!=9999 
Non metro area or unknown nomet =1 if metarea==9998 | metarea==9999 
Number of Children   
0 children kid0 =1 if no children in household, 0 otherwise 
1 child kid1 =1 if 1 child in household, 0 otherwise 
2 children kid2 =1 if 2 children in household, 0 otherwise 
3 children kid3 =1 if 3 children in household, 0 otherwise 
4 children kid4 =1 if 4 children in household, 0 otherwise 
5 children kid5 =1 if 5 children in household, 0 otherwise 
6 children kid6 =1 if 6 children in household, 0 otherwise 
7 children kid7 =1 if 7 children in household, 0 otherwise 
8 children kid8 =1 if 8 children in household, 0 otherwise 
9+ children  kid9 =1 if 9 or more children in household, 0 otherwise 
Education     
No High School Diploma somehs =1 if individual has not graduated from high school. This includes 
individuals who have obtained only one year of education, 0 
otherwise 
High School Diploma hs =1 if high school diploma or equivalent, 0 otherwise 
Some College somecoll =1 if some college but no degree, 1 year of college, 2 years of 
college, 3 years of college, or 4 years of college, 0 otherwise. 
Associates Degree asso =1 if associate's degree, occupational/vocational program or 
Associate's degree, academic program, 0 otherwise 
Bachelor's Degree bach =1 if bachelor’s degree, 0 otherwise 
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Post-Graduate Degree pgrad =1 if master’s degree, professional school degree, doctorate degree, 
0 otherwise 
Region      
New England NewE =1 if individual lives in New England Division, 0 otherwise 
Middle Atlantic midA =1 if Middle Atlantic Division, 0 otherwise 
East North Central ENC =1 if East North Central Division, 0 otherwise 
West North Central wnc =1 if West North Central Division, 0 otherwise 
South Atlantic souA =1 if South Atlantic Division, 0 otherwise 
East South Central esc =1 if East South Central Division, 0 otherwise 
West South Central wsc =1 if West South Central Division, 0 otherwise 
Mountain mount =1 if Mountain Division, 0 otherwise 
Pacific pac =1 if Pacific Division, 0 otherwise 
Immigration Year      
Not an Immigrant noimm =1 if individual is not an immigrant, 0 otherwise 
Pre-1949 p1949 =1 if individual immigrated before 1949, 0 otherwise 
1950s in50s =1 if immigrated in the 1950s 
1960s in60s =1 if immigrated in the 1960s 
1970s in70s =1 if immigrated in the 1970s 
1980s 
1990s 
2000s 
2010s 
in80s 
in90s 
in00s 
in10s 
=1 if immigrated in the 1980s 
=1 if immigrated in the 1990s 
=1 if immigrated in the 2000s 
=1 if immigrated in the 2010s 
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Table 2             
Self-employment rates in the United States, across home country groups 
  Total Male  Female  
 Mean Stand. Dev Mean Stand. Dev Mean Stand. Dev 
Total 0.096 0.295 0.117 0.321 0.073 0.261 
Country             
Argentina 0.188 0.391 0.228 0.420 0.130 0.336 
Brazil 0.158 0.365 0.172 0.378 0.142 0.349 
Cambodia 0.075 0.263 0.059 0.236 0.091 0.287 
Canada 0.145 0.352 0.162 0.369 0.127 0.333 
Colombia 0.112 0.315 0.129 0.335 0.096 0.295 
Cuba 0.126 0.332 0.162 0.369 0.080 0.271 
Dominican Republic 0.079 0.270 0.088 0.284 0.072 0.258 
Ecuador 0.088 0.283 0.095 0.293 0.078 0.268 
El Salvador 0.069 0.253 0.079 0.270 0.055 0.228 
France 0.151 0.358 0.175 0.380 0.122 0.327 
Germany 0.103 0.304 0.117 0.322 0.090 0.286 
Guatemala 0.085 0.279 0.097 0.296 0.062 0.242 
Honduras 0.087 0.282 0.090 0.286 0.083 0.275 
Hong Kong 0.100 0.300 0.088 0.283 0.114 0.318 
India 0.105 0.307 0.117 0.321 0.085 0.279 
Italy 0.171 0.377 0.210 0.407 0.107 0.310 
Jamaica 0.071 0.257 0.111 0.314 0.041 0.199 
Japan 0.127 0.333 0.138 0.345 0.117 0.322 
Mexico 0.073 0.260 0.079 0.270 0.062 0.241 
Nicaragua 0.082 0.274 0.091 0.287 0.072 0.258 
Pakistan 0.170 0.376 0.194 0.396 0.105 0.320 
Peru 0.106 0.307 0.129 0.336 0.079 0.270 
Philippines 0.048 0.214 0.051 0.221 0.046 0.209 
Poland 0.142 0.349 0.173 0.378 0.109 0.312 
Romania 0.188 0.391 0.214 0.411 0.160 0.367 
Russia 0.129 0.335 0.165 0.371 0.098 0.297 
South Korea 0.230 0.421 0.264 0.441 0.198 0.399 
Taiwan 0.145 0.352 0.164 0.371 0.126 0.332 
Thailand 0.098 0.298 0.100 0.301 0.097 0.296 
Trinidad and Tobago 0.079 0.269 0.099 0.299 0.062 0.242 
Ukraine 0.139 0.346 0.177 0.382 0.097 0.297 
United Kingdom 0.089 0.284 0.089 0.285 0.089 0.284 
Venezuela 0.126 0.332 0.165 0.372 0.083 0.277 
Vietnam 0.121 0.326 0.132 0.338 0.109 0.312 
Average 0.118 0.316 0.135 0.334 0.097 0.291 
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Table 3 
        
Home-county self-employment rates by gender 
  Total Male  Female Year Used 
Country         
Argentina 22.9 24.4 20.4 1996 
Brazil 23.5 27.7 16.5 2000 
Cambodia 44.5 57.8 32.7 1996 
Canada 7.1 8.1 5.7 1987 
Colombia 26.8 28.9 23.9 1992 
Cuba 7.7 9.7 4.0 1995 
Dominican Republic 39.1 43.7 27.8 1996 
Ecuador 25.6 25.4 26.0 1988 
El Salvador 27.9 22.0 37.6 1995 
France 8.2 10.8 4.6 1987 
Germany 4.2 5.0 3.0 1987 
Guatemala 32.6 30.1 37.0 2002 
Honduras 36.2 34.7 39.4 1996 
Hong Kong 4.6 6.4 1.6 1993 
India 63.0 66.5 53.6 1991 
Italy 23.4 27.1 16.0 1987 
Jamaica 34.6 39.1 28.4 1997 
Japan 14.1 16.4 10.7 1990 
Mexico 25.6 29.0 14.9 1990 
Nicaragua 34.8 33.2 37.3 2003 
Pakistan 42.3 46.3 13.2 1995 
Peru 35.2 30.5 41.9 1996 
Philippines 31.9 33.3 29.5 1998 
Poland 23.7 25.7 21.2 1992 
Romania 18.6 20.2 16.8 1994 
Russia 0.7 0.9 0.5 1992 
South Korea 28.0 34.4 18.7 1990 
Taiwan 17.3 21.4 0.1 1991 
Thailand 31.3 41.7 19.2 1987 
Trinidad and Tobago 17.2 18.5 14.6 1987 
Ukraine 17.1 16.0 18.2 2009 
United Kingdom 8.1 10.3 5.1 1987 
Venezuela 28.9 27.4 31.3 2007 
Vietnam 36.3 48.9 24.2 1996 
Average 24.8 27.1 20.5  
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Table 4 
Gender gaps as recorded in CPS and ILOSTAT data 
Country 
gender gaps for 
home country 
groups in the U.S.  
gender gaps in 
home country self-
employment  
Argentina 9.8 4.0 
Brazil 3.1 11.2 
Cambodia -3.2 25.1 
Canada 3.6 2.4 
Colombia 3.3 5.0 
Cuba 8.2 5.7 
Dominican Republic 1.7 15.9 
Ecuador 1.7 -0.6 
El Salvador 2.4 -15.6 
France 5.3 6.2 
Germany 2.7 2.0 
Guatemala 3.4 -6.9 
Honduras 0.7 -4.7 
Hong Kong -2.6 4.8 
India 3.2 12.9 
Italy 10.3 11.1 
Jamaica 7.0 10.7 
Japan 2.1 5.7 
Mexico 1.7 14.1 
Nicaragua 1.9 -4.1 
Pakistan 8.9 33.1 
Peru 5.0 -11.4 
Philippines 0.6 3.8 
Poland 6.3 4.5 
Romania 5.4 3.4 
Russia 6.7 0.4 
South Korea 6.6 15.7 
Taiwan 3.8 21.3 
Thailand 0.4 22.5 
Trinidad and Tobago 3.7 3.9 
Ukraine 8.0 -2.2 
United Kingdom 0.0 5.2 
Venezuela 8.2 -3.9 
Vietnam 2.2 24.7 
Average 3.9 6.6 
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Results	  
Table 5 
                                       
Predicted gender gaps in self-employment rates 
  First generation immigrants 
              
  Full-dummy controls Home country self-employment controls 
   X X,Z-  X X,Z- 
  unadjusted adjusted adjusted unadjusted adjusted adjusted 
  (1) (2) (3) (4) (5) (6) 
Argentina 9.2 8.4 8.6 2.72 3.97 3.29 
Brazil 3.49 4.34 4.43 2.27 2.68 2.9 
Cambodia -3.15 -3.11 -4.01 1.85 3.39 2.88 
Canada 3.27 2.6 3.19 -0.01 1.17 2.9 
Colombia 2.58 2.16 2.13 2.73 4.27 3.36 
Cuba 7.85 6.16 6.12 -2.20 1.97 2.73 
Dominican Republic 1.86 1.92 1.56 2.24 3.65 3.07 
Ecuador 1.77 2.6 2.5 3.06 3.82 3.63 
El Salvador 2.48 2.94 2.82 4.05 4.27 4.53 
France 6.92 5.37 6.12 2.31 1.98 2.73 
Germany 2.78 1.82 2.13 2.5 3.83 2.84 
Guatemala 4.59 6.38 6.41 3.59 3.25 4.19 
Honduras -0.55 0.81 0.76 3.53 3.86 4.19 
Hong Kong -3.02 -3.98 -3.4 2.33 3.11 2.69 
India 3.45 4.27 5.7 2.87 3.44 3.96 
Italy 8.83 6.88 7.15 2.27 4.88 2.89 
Jamaica 6.33 5.34 4.94 2.52 4.67 3.28 
Japan 1.13 0.69 1.18 2.45 3.41 2.93 
Korea (Republic) 6.55 6.03 6.58 2.08 3.29 2.8 
Mexico 1.66 2.61 2.5 2.1 1.92 2.75 
Nicaragua 2.09 1.72 1.68 3.45 4.96 4.1 
Pakistan 9.94 9.92 10.57 1.08 2.16 2.05 
Peru 5.59 5.32 5.19 3.91 4.95 4.51 
Philippines 1.14 0.94 1.01 2.9 3.67 3.57 
Poland 6.19 6.65 6.93 2.71 3.24 3.29 
Romania 3.67 3.12 3.58 2.69 2.89 3.2 
Russia 5.86 5.92 6.52 2.54 2.35 2.82 
Taiwan 3.35 2.81 4.24 1.45 2.46 2.03 
Thailand 0.2 0.63 0.69 1.74 2.35 2.57 
Trinidad and Tobago 4.16 3.01 2.84 2.62 4.51 3.12 
Ukraine 8.57 9.09 9.57 3.01 3.03 3.45 
United Kingdom 3.32 2.87 3.21 2.38 3.63 2.78 
Venezuela 7.54 7.06 7.38 3.33 4.34 3.91 
Vietnam 2.23 1.64 1.78 1.71 2.81 2.67 
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Table 6                   
Weighted standard deviation measures, various specifications       
      First generation immigrants         
      Full-dummy controls   Home country self-employment controls 
      (1)     (2)       
Unadjusted   (1) 2.67     1.14       
X-adjusted   (2) 2.57     0.81       
X, Z-adjusted  (3) 2.66    0.90       
	  
	   	  	  	  	  	  	  	  Table 7     
	   	  	  	  	  	  	  	  Linear regression results for full-dummy controls specification 
  
Unadjusted 
 
X-adjusted 
 
X, Z-adjusted 
 (1) (2) (3) 
    
male -0.0207 -0.00489 0.00268 
 (0.0183) (0.0418) (0.0420) 
arg 0.0548** 0.0545** 0.0567** 
 (0.0231) (0.0230) (0.0230) 
brz 0.0496*** 0.0635*** 0.0648*** 
 (0.0191) (0.0190) (0.0189) 
can 0.0453*** 0.0427** 0.0448*** 
 (0.0166) (0.0166) (0.0166) 
col 0.00718* 0.0115* 0.0143* 
 (0.0156) (0.0156) (0.0156) 
cub -0.000470 -0.00711 -0.00443 
 (0.0155) (0.0156) (0.0156) 
dr -0.0222 -0.00367 0.000957 
 (0.0150) (0.0151) (0.0151) 
ecu -0.00832 0.00681 0.00902 
 (0.0177) (0.0176) (0.0175) 
sal -0.0257* -0.0247* -0.0207 
 (0.0149) (0.0148) (0.0149) 
fra 0.0398* 0.0447* 0.0476** 
 (0.0237) (0.0234) (0.0234) 
ger 0.00144 0.00561 0.00325 
 (0.0154) (0.0154) (0.0154) 
gua -0.0242* -0.0178* -0.0141* 
 (0.0156) (0.0156) (0.0156) 
hon 0.0487* 0.0110* 0.0160* 
 (0.0174) (0.0173) (0.0173) 
hk 0.0232 0.0196 0.0225 
 (0.0198) (0.0197) (0.0197) 
ind -0.00694 0.00356 0.00186 
 (0.0149) (0.0149) (0.0150) 
ita 0.0283* 0.0303* 0.0312* 
 (0.0200) (0.0200) (0.0200) 
jam -0.0448*** -0.0392*** -0.0327** 
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 (0.0150) (0.0150) (0.0151) 
jap 0.0248* 0.0193* 0.0228* 
 (0.0171) (0.0171) (0.0171) 
kor 0.114*** 0.111*** 0.113*** 
 (0.0164) (0.0163) (0.0163) 
mex -0.0239* -0.0239* -0.0225 
 (0.0142) (0.0142) (0.0143) 
nic -0.0126* -0.0173* -0.0140* 
 (0.0176) (0.0177) (0.0177) 
pak 0.01000* 0.0182* 0.0163* 
 (0.0224) (0.0221) (0.0221) 
pru -0.00370 -0.000637 0.00227 
 (0.0165) (0.0164) (0.0164) 
phl -0.0465*** -0.0541*** -0.0526*** 
 (0.0143) (0.0143) (0.0143) 
pld 0.0284* 0.0375** 0.0379** 
 (0.0179) (0.0179) (0.0179) 
rom 0.0901*** 0.0966*** 0.0978*** 
 (0.0279) (0.0277) (0.0277) 
rus 0.0169* 0.0288* 0.0299* 
 (0.0188) (0.0189) (0.0191) 
twn 0.0347* 0.0275 0.0297* 
 (0.0179) (0.0179) (0.0180) 
tha 0.00772 0.0118 0.0145 
 (0.0185) (0.0184) (0.0184) 
tt -0.0257* -0.0199* -0.0156* 
 (0.0168) (0.0168) (0.0168) 
ukr 0.00741* 0.0145* 0.0144* 
 (0.0198) (0.0199) (0.0198) 
uk 0.0144* 0.00899 0.0112* 
 (0.0169) (0.0170) (0.0170) 
ven -0.00658 -0.00147 0.00102 
 (0.0186) (0.0186) (0.0186) 
vtm 0.0210* 0.0160* 0.0171* 
 (0.0155) (0.0154) (0.0154) 
argM 0.113*** 0.114*** 0.115*** 
 (0.0332) (0.0329) (0.0329) 
brzM 0.0556** 0.0739*** 0.0735*** 
 (0.0267) (0.0265) (0.0265) 
canM 0.0534** 0.0565** 0.0611*** 
 (0.0223) (0.0223) (0.0223) 
colM 0.0465** 0.0521** 0.0506** 
 (0.0210) (0.0210) (0.0210) 
cubM 0.0993*** 0.0920*** 0.0905*** 
 (0.0208) (0.0210) (0.0210) 
drM 0.0393* 0.0497** 0.0449** 
 (0.0202) (0.0204) (0.0203) 
ecuM 0.0384* 0.0564** 0.0542** 
 (0.0229) (0.0228) (0.0228) 
salM 0.0456** 0.0599*** 0.0574*** 
 (0.0195) (0.0195) (0.0196) 
fraM 0.0899*** 0.0842*** 0.0905*** 
 (0.0328) (0.0324) (0.0324) 
gerM 0.0486** 0.0487** 0.0505** 
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 (0.0207) (0.0208) (0.0208) 
guaM 0.0666*** 0.0943*** 0.0933*** 
 (0.0207) (0.0207) (0.0207) 
honM 0.0152* 0.0386* 0.0368* 
 (0.0223) (0.0222) (0.0223) 
hkM -0.00944 -0.00932 -0.00478 
 (0.0263) (0.0262) (0.0262) 
indM 0.0553*** 0.0731*** 0.0863*** 
 (0.0194) (0.0195) (0.0198) 
itaM 0.109*** 0.0993*** 0.101*** 
 (0.0271) (0.0271) (0.0270) 
jamM 0.0840*** 0.0839*** 0.0787*** 
 (0.0207) (0.0208) (0.0208) 
japM 0.0320* 0.0374 0.0410* 
 (0.0231) (0.0231) (0.0231) 
korM 0.0862*** 0.0907*** 0.0951*** 
 (0.0222) (0.0221) (0.0221) 
mexM 0.0373** 0.0566*** 0.0542*** 
 (0.0185) (0.0185) (0.0186) 
nicM 0.0416* 0.0477** 0.0461* 
 (0.0239) (0.0239) (0.0239) 
pakM 0.120*** 0.130*** 0.135*** 
 (0.0287) (0.0284) (0.0285) 
pruM 0.0766*** 0.0837*** 0.0811*** 
 (0.0227) (0.0227) (0.0226) 
phlM 0.0321* 0.0399** 0.0394** 
 (0.0188) (0.0189) (0.0189) 
pldM 0.0827*** 0.0970*** 0.0986*** 
 (0.0252) (0.0251) (0.0252) 
romM 0.0574* 0.0617 0.0650* 
 (0.0392) (0.0390) (0.0389) 
rusM 0.0793*** 0.0898*** 0.0945*** 
 (0.0257) (0.0257) (0.0259) 
twnM 0.0542** 0.0586** 0.0716*** 
 (0.0248) (0.0247) (0.0249) 
thaM 0.0227* 0.0367 0.0362 
 (0.0261) (0.0260) (0.0260) 
ttM 0.0623** 0.0606** 0.0576** 
 (0.0251) (0.0252) (0.0253) 
ukrM 0.106*** 0.121*** 0.125*** 
 (0.0301) (0.0303) (0.0303) 
ukM 0.0540** 0.0592*** 0.0613*** 
 (0.0226) (0.0226) (0.0227) 
venM 0.0961*** 0.101*** 0.103*** 
 (0.0273) (0.0272) (0.0272) 
vtmM 0.0429** 0.0469** 0.0470** 
 (0.0205) (0.0204) (0.0204) 
age2938  0.0359*** 0.0250*** 
  (0.00285) (0.00319) 
age3948  0.0575*** 0.0448*** 
  (0.00308) (0.00349) 
age4958  0.0687*** 0.0574*** 
  (0.00374) (0.00406) 
age5968  0.0765*** 0.0666*** 
  (0.00569) (0.00598) 
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in50s  -0.0144 -0.0135 
  (0.0276) (0.0275) 
in60s  -0.0200* -0.0188* 
  (0.0261) (0.0260) 
in70s  -0.0148* -0.0138* 
  (0.0260) (0.0259) 
in80s  -0.0128* -0.0115* 
  (0.0259) (0.0258) 
in90s  -0.0108* -0.00972 
  (0.0259) (0.0258) 
in00s  -0.0225* -0.0211* 
  (0.0260) (0.0259) 
in10s  -0.0278** -0.0264** 
  (0.0266) (0.0265) 
NewE  -0.0274*** -0.0279*** 
  (0.00596) (0.00593) 
midA  -0.0309*** -0.0307*** 
  (0.00411) (0.00412) 
ENC  -0.0228*** -0.0242*** 
  (0.00446) (0.00446) 
wnc  -0.0343*** -0.0352*** 
  (0.00517) (0.00517) 
souA  -0.00369 -0.00451 
  (0.00386) (0.00386) 
esc  -0.0115* -0.0117* 
  (0.00961) (0.00960) 
wsc  -0.00437 -0.00471 
  (0.00414) (0.00416) 
mount  0.00109* 9.97e-05 
  (0.00462) (0.00462) 
met  -0.00559 -0.00432 
  (0.00432) (0.00433) 
hs       0.00957*** 
   (0.00329) 
somecoll   0.00201 
   (0.00408) 
asso   -2.86e-05 
   (0.00483) 
bach   0.00362 
   (0.00410) 
pgrad   0.00596 
   (0.00529) 
married   0.0267*** 
   (0.00291) 
sdw   0.0140*** 
   (0.00374) 
kid1   -0.00163 
   (0.00310) 
kid2   -0.000384 
   (0.00328) 
kid3   0.00840** 
   (0.00424) 
kid4   0.0239*** 
   (0.00741) 
kid5   -0.00571 
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   (0.0113) 
kid6   -0.00780 
   (0.0202) 
kid7   0.119* 
   (0.0687) 
kid8   -0.0315 
   (0.0409) 
kid9   -0.0980*** 
   (0.0188) 
age2938M  -0.00443 -0.00310 
  (0.00375) (0.00424) 
age3948M  0.0108** 0.00973** 
  (0.00423) (0.00483) 
age4958M  0.0201*** 0.0186*** 
  (0.00523) (0.00572) 
age5968M  0.0184** 0.0179** 
  (0.00789) (0.00828) 
in50sM  -0.0176* -0.0222* 
  (0.0397) (0.0397) 
in60sM  -0.0275* -0.0329* 
  (0.0375) (0.0375) 
in70sM  -0.0336* -0.0393* 
  (0.0372) (0.0372) 
in80sM  -0.0379* -0.0445* 
  (0.0371) (0.0371) 
in90sM  -0.0532* -0.0584* 
  (0.0371) (0.0371) 
in00sM  -0.0568* -0.0601** 
  (0.0372) (0.0371) 
in10sM  -0.0798** -0.0818** 
  (0.0378) (0.0377) 
NewEM  -0.00184 0.000264 
  (0.00809) (0.00806) 
midAM  0.00153 0.00228 
  (0.00568) (0.00569) 
ENCM  -0.0130** -0.0114* 
  (0.00584) (0.00584) 
wncM  -0.00741 -0.00666 
  (0.00714) (0.00714) 
souAM  0.0178*** 0.0196*** 
  (0.00533) (0.00533) 
escM  -0.00528 -0.00350 
  (0.0121) (0.0121) 
wscM  0.00504 0.00495 
  (0.00540) (0.00542) 
mountM  -0.00676 -0.00627 
  (0.00601) (0.00601) 
metM  0.0140** 0.0136** 
  (0.00573) (0.00574) 
hsM   -0.000102 
   (0.00430) 
somecollM   0.00673 
   (0.00567) 
assoM   -0.00227 
   (0.00741) 
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bachM   -0.000776 
   (0.00580) 
pgradM   -0.0302*** 
   (0.00724) 
marriedM   -0.00822* 
   (0.00425) 
sdwM   0.00479 
   (0.00621) 
kid1M   0.00938** 
   (0.00461) 
kid2M   0.00929** 
   (0.00466) 
kid3M   0.0137** 
   (0.00596) 
kid4M   -0.00874 
   (0.00952) 
kid5M   0.0282* 
   (0.0155) 
kid6M   0.0504* 
   (0.0299) 
kid7M   -0.128* 
   (0.0765) 
kid8M   0.170** 
   (0.0862) 
kid9M   0.0942 
   (0.0679) 
var2001 -0.00582 -0.00390 -0.00398 
 (0.00476) (0.00471) (0.00470) 
var2002 -0.00606 -0.00548 -0.00511 
 (0.00469) (0.00464) (0.00463) 
var2003 0.00154 0.00157 0.00183 
 (0.00479) (0.00473) (0.00472) 
var2004 -0.00376 -0.00321 -0.00305 
 (0.00477) (0.00472) (0.00472) 
var2005 0.00406 0.00460 0.00465 
 (0.00481) (0.00476) (0.00476) 
var2006 0.00992** 0.0104** 0.0104** 
 (0.00479) (0.00476) (0.00476) 
var2007 0.0112** 0.0114** 0.0115** 
 (0.00477) (0.00474) (0.00474) 
var2008 0.0144*** 0.0133*** 0.0137*** 
 (0.00479) (0.00476) (0.00476) 
var2009 0.0170*** 0.0154*** 0.0156*** 
 (0.00486) (0.00484) (0.00484) 
var2010 0.0158*** 0.0143*** 0.0144*** 
 (0.00478) (0.00477) (0.00477) 
var2011 0.00971** 0.00818* 0.00787* 
 (0.00474) (0.00474) (0.00475) 
var2012 0.0129*** 0.0111** 0.0113** 
 (0.00478) (0.00480) (0.00480) 
var2013 0.0207*** 0.0188*** 0.0191*** 
 (0.00484) (0.00485) (0.00486) 
var2014 0.0140*** 0.0119** 0.0121** 
 (0.00508) (0.00512) (0.00513) 
var2015 0.0184*** 0.0164*** 0.0165*** 
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 (0.00481) (0.00485) (0.00486) 
var2016 0.0242*** 0.0229*** 0.0230*** 
 (0.00496) (0.00505) (0.00507) 
Constant 0.0769*** 0.0609** 0.0426 
 (0.0145) (0.0301) (0.0303) 
    
Observations 213,477 213,477 213,477 
R-squared 0.021 0.037 0.035 
Robust standard errors in parentheses 
   *** p<0.01, ** p<0.05, * p<0.1 
 
 
 
 
 
	  	  	  	  	  	  	  	  	  	   	  	  	  	  	  	  Table 8     
	   	  	  	  	  	  	  Linear regression results for home country self-employment controls specification 
 Unadjusted X-adjusted X, Z-adjusted 
 (1) (2) (3) 
    
male 0.0255*** 0.0437* 0.0481* 
 (0.00410) (0.0377) (0.0377) 
fselfemp -0.0914*** -0.0895*** -0.0894*** 
 (0.0132) (0.0133) (0.0134) 
mselfemp 0.0305*** 0.0450*** 0.0392*** 
 (0.0130) (0.0132) (0.0132) 
mselfempM -0.0518*** -0.0305*** -0.0355*** 
 (0.0182) (0.0184) (0.0184) 
fselfempM 0.0703*** 0.0656*** 0.0656*** 
 (0.0183) (0.0186) (0.0187) 
age2938  0.0365*** 0.0265*** 
  (0.00285) (0.00320) 
age3948  0.0581*** 0.0471*** 
  (0.00307) (0.00346) 
age4958  0.0706*** 0.0592*** 
  (0.00371) (0.00399) 
age5968  0.0780*** 0.0668*** 
  (0.00562) (0.00586) 
in50s  -0.0126 -0.0104 
  (0.0273) (0.0272) 
in60s  -0.0237 -0.0195 
  (0.0259) (0.0258) 
in70s  -0.0202 -0.0142 
  (0.0258) (0.0256) 
in80s  -0.0203 -0.0125 
  (0.0257) (0.0255) 
in90s  -0.0187 -0.0112 
  (0.0257) (0.0255) 
in00s  -0.0296 -0.0224 
  (0.0257) (0.0256) 
in10s  -0.0322 -0.0270 
  (0.0263) (0.0262) 
NewE  -0.00480 -0.00772 
  (0.00557) (0.00559) 
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midA  -0.0157*** -0.0168*** 
  (0.00339) (0.00341) 
ENC  -0.0122*** -0.0158*** 
  (0.00438) (0.00439) 
wnc  -0.0228*** -0.0252*** 
  (0.00513) (0.00511) 
souA  0.00782** 0.00535 
  (0.00347) (0.00348) 
esc  0.00204 0.000901 
  (0.00960) (0.00959) 
wsc  -0.00675* -0.00579 
  (0.00410) (0.00412) 
mount  1.48e-05 -0.000792 
  (0.00461) (0.00461) 
met  -0.000638 -0.000534 
   (0.00431) 
hs   0.0189*** 
   (0.00316) 
somecoll   0.0128*** 
   (0.00375) 
asso   0.0105** 
   (0.00456) 
bach   0.0175*** 
   (0.00343) 
pgrad   0.0293*** 
   (0.00455) 
married   0.0312*** 
   (0.00291) 
sdw   0.0164*** 
   (0.00374) 
kid1   -0.00656** 
   (0.00311) 
kid2   -0.00705** 
   (0.00330) 
kid3   -0.00349 
   (0.00421) 
kid4   0.00913 
   (0.00740) 
kid5   -0.0205* 
   (0.0112) 
kid6   -0.0186 
   (0.0204) 
kid7   0.105 
   (0.0701) 
kid8   -0.0422 
   (0.0384) 
kid9   -0.0812*** 
   (0.0107) 
age2938M  -0.000718 -0.00298 
  (0.00375) (0.00426) 
age3948M  0.0177*** 0.0119** 
  (0.00424) (0.00482) 
age4958M  0.0278*** 0.0224*** 
  (0.00524) (0.00569) 
age5968M  0.0285*** 0.0239*** 
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  (0.00785) (0.00821) 
in50sM  -0.0249 -0.0283 
  (0.0400) (0.0398) 
in60sM  -0.0317 -0.0347 
  (0.0378) (0.0376) 
in70sM  -0.0416 -0.0442 
  (0.0375) (0.0373) 
in80sM  -0.0447 -0.0479 
  (0.0374) (0.0372) 
in90sM  -0.0579 -0.0594 
  (0.0374) (0.0372) 
in00sM  -0.0616 -0.0607 
  (0.0375) (0.0373) 
in10sM  -0.0806** -0.0791** 
  (0.0380) (0.0379) 
NewEM  0.00578 0.00531 
  (0.00759) (0.00763) 
midAM  0.0111** 0.0100** 
  (0.00491) (0.00493) 
ENCM  -0.00855 -0.00753 
  (0.00580) (0.00580) 
wncM  -0.00517 -0.00532 
  (0.00704) (0.00703) 
souAM  0.0250*** 0.0259*** 
  (0.00495) (0.00497) 
escM  -0.00963 -0.00780 
  (0.0121) (0.0121) 
wscM  0.00582 0.00570 
  (0.00534) (0.00536) 
mountM  -0.00730 -0.00656 
  (0.00600) (0.00600) 
metM  0.0179*** 0.0153*** 
  (0.00573) (0.00574) 
hsM   0.00162 
   (0.00418) 
somecollM   0.0116** 
   (0.00537) 
assoM   0.00581 
   (0.00713) 
bachM   0.0160*** 
   (0.00490) 
pgradM   -0.00833 
   (0.00606) 
marriedM   -0.00856** 
   (0.00426) 
sdwM   0.00302 
   (0.00622) 
kid1M   0.0126*** 
   (0.00465) 
kid2M   0.0125*** 
   (0.00470) 
kid3M   0.0177*** 
   (0.00596) 
kid4M   -0.00220 
   (0.00952) 
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kid5M   0.0333** 
   (0.0156) 
kid6M   0.0553* 
   (0.0300) 
kid7M   -0.121 
   (0.0783) 
kid8M   0.184** 
   (0.0865) 
kid9M   0.0852 
   (0.0694) 
var2001 -0.00644 -0.00450 -0.00474 
 (0.00483) (0.00476) (0.00475) 
var2002 -0.00875* -0.00740 -0.00719 
 (0.00476) (0.00469) (0.00468) 
var2003 -0.000540 0.000374 0.000419 
 (0.00485) (0.00477) (0.00476) 
var2004 -0.00644 -0.00486 -0.00501 
 (0.00483) (0.00477) (0.00476) 
var2005 0.000853 0.00253 0.00249 
 (0.00488) (0.00482) (0.00481) 
var2006 0.00659 0.00800* 0.00780 
 (0.00486) (0.00481) (0.00480) 
var2007 0.00786 0.00888* 0.00860* 
 (0.00484) (0.00479) (0.00479) 
var2008 0.0112** 0.0112** 0.0108** 
 (0.00486) (0.00482) (0.00482) 
var2009 0.0139*** 0.0133*** 0.0128*** 
 (0.00492) (0.00489) (0.00489) 
var2010 0.0126*** 0.0115** 0.0110** 
 (0.00485) (0.00482) (0.00482) 
var2011 0.00730 0.00601 0.00515 
 (0.00480) (0.00479) (0.00479) 
var2012 0.0102** 0.00847* 0.00791 
 (0.00484) (0.00484) (0.00484) 
var2013 0.0184*** 0.0168*** 0.0162*** 
 (0.00489) (0.00489) (0.00490) 
var2014 0.0115** 0.00935* 0.00889* 
 (0.00514) (0.00516) (0.00517) 
var2015 0.0156*** 0.0136*** 0.0128*** 
 (0.00486) (0.00490) (0.00490) 
var2016 0.0221*** 0.0205*** 0.0195*** 
 (0.00502) (0.00510) (0.00511) 
Constant 0.0844*** 0.0594** 0.0324 
 (0.00468) (0.0263) (0.0263) 
    
Observations 213,477 213,477 213,477 
R-squared 0.003 0.022 0.025 
Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Table 9   
   
        Home country self-employment controls specification with development indicators 
 Unadjusted X-adjusted X, Z-adjusted 
 (1) (2) (3) 
    
male 0.0255*** 0.0466 0.0492 
 (0.00410) (0.0378) (0.0379) 
fselfemp -0.0914*** -0.0434*** -0.0367** 
 (0.0132) (0.0157) (0.0157) 
mselfemp 0.0305*** 0.0779*** 0.0676*** 
 (0.0130) (0.0138) (0.0139) 
mselfempM -0.0518*** -0.0255 -0.0235 
 (0.0182) (0.0192) (0.0196) 
fselfempM 0.0703*** 0.0427* 0.0453** 
 (0.0183) (0.0222) (0.0222) 
low  -0.0868*** -0.0861*** 
  (0.00487) (0.00491) 
mid  -0.0562*** -0.0530*** 
  (0.00401) (0.00428) 
lowM  0.000221 -0.000283 
  (0.00709) (0.00726) 
midM  -0.00162 -0.00213 
  (0.00578) (0.00639) 
age2938  0.0360*** 0.0256*** 
  (0.00287) (0.00321) 
age3948  0.0581*** 0.0461*** 
  (0.00310) (0.00348) 
age4958  0.0703*** 0.0586*** 
  (0.00373) (0.00401) 
age5968  0.0776*** 0.0665*** 
  (0.00565) (0.00590) 
in50s  -0.0195 -0.0175 
  (0.0273) (0.0272) 
in60s  -0.0197 -0.0169 
  (0.0258) (0.0257) 
in70s  -0.0110 -0.00778 
  (0.0257) (0.0256) 
in80s  -0.00830 -0.00437 
  (0.0256) (0.0255) 
in90s  -0.00323 0.000126 
  (0.0256) (0.0255) 
in00s  -0.0134 -0.0102 
  (0.0257) (0.0256) 
in10s  -0.0185 -0.0157 
  (0.0263) (0.0262) 
NewE  -0.0120** -0.0130** 
  (0.00564) (0.00563) 
midA  -0.0203*** -0.0201*** 
  (0.00342) (0.00345) 
ENC  -0.0152*** -0.0177*** 
  (0.00439) (0.00440) 
wnc  -0.0281*** -0.0293*** 
  (0.00514) (0.00513) 
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souA  0.00639* 0.00542 
  (0.00347) (0.00348) 
esc  -0.00603 -0.00627 
  (0.00970) (0.00970) 
wsc  -0.00383 -0.00411 
  (0.00412) (0.00414) 
mount  0.00103 -0.000360 
  (0.00461) (0.00461) 
met  0.000850 0.00196 
  (0.00432) (0.00432) 
hs   0.0139*** 
   (0.00317) 
somecoll   0.00518 
   (0.00382) 
asso   0.00276 
   (0.00464) 
bach   0.00687* 
   (0.00364) 
pgrad   0.0142*** 
   (0.00478) 
married   0.0303*** 
   (0.00292) 
sdw   0.0165*** 
   (0.00374) 
kid1   -0.00376 
   (0.00312) 
kid2   -0.00422 
   (0.00330) 
kid3   0.00130 
   (0.00424) 
kid4   0.0152** 
   (0.00742) 
kid5   -0.0158 
   (0.0113) 
kid6   -0.0120 
   (0.0204) 
kid7   0.113 
   (0.0697) 
kid8   -0.0333 
   (0.0392) 
kid9   -0.0721*** 
   (0.00963) 
age2938M  -0.00202 -0.00262 
  (0.00376) (0.00427) 
age3948M  0.0158*** 0.0124** 
  (0.00425) (0.00484) 
age4958M  0.0260*** 0.0229*** 
  (0.00524) (0.00569) 
age5968M  0.0271*** 0.0249*** 
  (0.00786) (0.00822) 
in50sM  -0.0220 -0.0258 
  (0.0401) (0.0399) 
in60sM  -0.0259 -0.0305 
  (0.0379) (0.0377) 
in70sM  -0.0349 -0.0398 
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  (0.0376) (0.0374) 
in80sM  -0.0370 -0.0427 
  (0.0375) (0.0374) 
in90sM  -0.0514 -0.0553 
  (0.0375) (0.0374) 
in00sM  -0.0555 -0.0573 
  (0.0375) (0.0374) 
in10sM  -0.0750** -0.0759** 
  (0.0381) (0.0380) 
NewEM  0.00478 0.00562 
  (0.00770) (0.00769) 
midAM  0.0103** 0.0100** 
  (0.00494) (0.00496) 
ENCM  -0.00854 -0.00699 
  (0.00581) (0.00581) 
wncM  -0.00444 -0.00399 
  (0.00707) (0.00706) 
souAM  0.0250*** 0.0261*** 
  (0.00497) (0.00497) 
escM  -0.00609 -0.00438 
  (0.0121) (0.0122) 
wscM  0.00478 0.00490 
  (0.00536) (0.00538) 
mountM  -0.00688 -0.00619 
  (0.00600) (0.00600) 
metM  0.0158*** 0.0141** 
  (0.00573) (0.00574) 
hsM   0.00275 
   (0.00420) 
somecollM   0.0116** 
   (0.00546) 
assoM   0.00534 
   (0.00726) 
bachM   0.0118** 
   (0.00527) 
pgradM   -0.0130** 
   (0.00658) 
marriedM   -0.00838** 
   (0.00426) 
sdwM   0.00389 
   (0.00622) 
kid1M   0.0107** 
   (0.00465) 
kid2M   0.0108** 
   (0.00470) 
kid3M   0.0159*** 
   (0.00598) 
kid4M   -0.00463 
   (0.00954) 
kid5M   0.0327** 
   (0.0157) 
kid6M   0.0534* 
   (0.0300) 
kid7M   -0.123 
   (0.0779) 
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kid8M   0.178** 
   (0.0872) 
kid9M   0.0785 
   (0.0701) 
var2001 -0.00644 -0.00484 -0.00491 
 (0.00483) (0.00474) (0.00473) 
var2002 -0.00875* -0.00710 -0.00679 
 (0.00476) (0.00467) (0.00466) 
var2003 -0.000540 0.000665 0.000812 
 (0.00485) (0.00475) (0.00474) 
var2004 -0.00644 -0.00425 -0.00422 
 (0.00483) (0.00474) (0.00474) 
var2005 0.000853 0.00350 0.00344 
 (0.00488) (0.00479) (0.00479) 
var2006 0.00659 0.00850* 0.00832* 
 (0.00486) (0.00479) (0.00479) 
var2007 0.00786 0.00952** 0.00936** 
 (0.00484) (0.00477) (0.00477) 
var2008 0.0112** 0.0118** 0.0117** 
 (0.00486) (0.00480) (0.00480) 
var2009 0.0139*** 0.0138*** 0.0137*** 
 (0.00492) (0.00487) (0.00487) 
var2010 0.0126*** 0.0122** 0.0120** 
 (0.00485) (0.00480) (0.00480) 
var2011 0.00730 0.00654 0.00593 
 (0.00480) (0.00477) (0.00478) 
var2012 0.0102** 0.00890* 0.00872* 
 (0.00484) (0.00482) (0.00483) 
var2013 0.0184*** 0.0171*** 0.0169*** 
 (0.00489) (0.00488) (0.00488) 
var2014 0.0115** 0.00965* 0.00959* 
 (0.00514) (0.00515) (0.00516) 
var2015 0.0156*** 0.0141*** 0.0138*** 
 (0.00486) (0.00488) (0.00489) 
var2016 0.0221*** 0.0208*** 0.0203*** 
 (0.00502) (0.00508) (0.00510) 
Constant 0.0844*** 0.0732*** 0.0516* 
 (0.00468) (0.0262) (0.0264) 
    
Observations 213,477 213,477 213,477 
R-squared 0.003 0.035 0.037 
 Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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